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Y S 350 7 VR AR RS2 B T A AT T K E, FE A DU i R A S 8
AT 2 AR RSP 3 9 K 7 1, L e A 2R L SF 88 U v B 2 0% VE. Buckland 25 U4E
H T SAIC(Smoothed AIC). SBIC(Smoothed BIC)#5 % 315, ClaeskensFlHjort!? & &
TIE A T 0TS [ B AR & ISFIC(Smoothed FIC)AE A 7 #) fi 1. Hansen!®! $2
H T 3 T MallowsHE I f) 45 4 5P 24 (MMA) 75 %, WanZEUDEMMA Ty 3 46 J& 3 7 %
S EES KRR E LB P, HansenfRacinel® 42 t T Jackknifet 24 ¥
BI(IMA)J7 1%, ZhangZF 00k IMA J5 3% ¥ F& 31 7 B X £A (0 1% 25 P 05 22 85 /) DL B o s
(0 RE A B S T & T ST R 4 AR RE AR BB . LivfiOukil s i T 55 o 2=
FRAg (B BY P35 7 v, I8 — S AT OC VR BE O R 2R 1) S O Y (1) 1 B F 1 UV,
UNLAZE B 50 7 AR 2 B A [ A5 8 5P 35 7 7% Zhang FIWang PV 50 1 35 40 28 4 A 7Y
T I Mallows i 7 P 5, ZhuZE MOV HuEE M 25 T 56 5 28 1 48 28 B0 Y 1 [ A 774 5
BI7 ik

Jin 8 2 2 8] A5 Y (Accelerated failure time model, PA T i AAFTHL R & 4 17
AT R BRI B 4R TR AR ORE Mo, SEBR M Tz IR R (R
PRI 284 IX (5] ) 2K B 4 ) A2 28 A7 43 B 4003 rh — Tl i AL 7 ) 2 5040 28 Y 7 I R 3k 36
WAT W RUFF Ak 2ot b 30 L. e R O 1 R 2 SO R 5 4 1
Bl ) % A IsF 18] I 32 4 1R A 00 I, B AT N o B RE A 0L I IS R] R s M R AR 1 R
LR BT AAER Z AN E S O, B A 2 AN R E B A, T4 A
G 2 A i e 5L B 5T AU - 35 O VR A AT AT DLSE TN RS A . B ORT OC T N 2k 2R
I 455 7 35 07 5 A QB AR Ak T RS AP B B, HL 3 R XS BE BIL A 2R E .
in:Hjort Fl Claeskens 21 58 T Cox[a] V3 8 2 (¥ Focused s & #E M (FIC) LA J 455 5 5 35
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I8 A 8 [ AL A A 2K B 4 e [l T AR Y I MIMLA 77 9.
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TR AR A% 96 TR PRSI ALM AR 22, e R BT (1) o 0 182 4
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:/H\:EPQ = dlag(afv 02)7 A(W) = In - P(W)a %an = lnqﬁ R”(W)v 53 =Y — Hi,
we

r = rank(X), 7= max i AwiRk BN TEE AL, oAl 78 2 S0 AL fh B, B A
50 P [ AL FE. T 7 SR IMA L [T P R, T O U 4
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L OJLT A A R -

C2: 7 =o(n), Hr&, P — 0JLT &b &b s or.

C3: nH|pl|?2 = O(1)JLF-Ab Ak 5t

Cd: AE1E % Me > OREfpl < en—tre L P Ab b AR T.

C5: THCMHIL, P(C > T) >0, V = log C& FL A7 7% 2% [ R $g(v) i 3F it
BEALAE &, Hg(v) > 0.
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W R S5 2 A S 16) 0 1 R 13, (4] % KA AT T AT . Z AR T
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FH 5 T ATCHIBICHE I () 5 Fh A58 1Y e 43 777 325 LA KOG I AIC(SAIC). D6 BIC(SBIC)
Foft A5 780 S 35 J7 1, 3B S A DA R B K A AR Y S O b U v EAT X L. SR M
i 4 B BT 6 B BIATCHE N AIC), = log(67) + 2n~'tr{ P}, BICMH NBIC, = log(6?) +
n~Mlog(n)tr{ Py}, H o7 = nH|Y* — fi]|®. 735 1% BLATCE ABICHH #% /I FA 16k 32 45
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B N S Y R HAFTRIAY; = XTB+¢5, i = 1,2, ,n, B X, = (@i, -+, 24p)
(p = 200) IR IO, B 22 K5 A =(pl""*1) 1<) k<200, p = 0.5 2 TCIES 730 4. 4350 75 18
5 R B = 1/72 5By = V2/52( = 1,2, p) IR iR Fe; ~ N(0,nay),
I S A BUE R R? = var(p, - -+, pn) /var(Yy, - -+, Y, ) #E0.1-0.9 [l N A2 1k,
tfivar () F R EAR DT % BLV; ~ exp(N), FEHA = 0.25. % HEY 1 401 T 7 B G 8 25 e
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BB B RE A B AR A (K, = [3n1/3)); (215 M 0 IE i1 45, A 1683 MR o 28 /)
B AW A SCE RIS AR (X, G = 1, S)MIE R B, 1 B
BRI BONK, = 25 — 1 = 31. PRI bR v R F b #4637 1% 7% (NMISE)

D
NMSE — 11)2 [~ )/ min,
Hh DER RGP IR B (GX BLELD = 200), 43 7R 5 AR A8 3K b i Ad 1 & mine R LRl
75 0 B B /N IMSEAR.

R1-R3IDMNAEH TPIEHER T T IAERFAEAREMNS MR E T A E
[FINMSE ] A7 £0F1 328 (P2 28 #8220 45 2L, X B4 %), L IMA A Jackknife
TR SE 85 75 9%, SAIC N Ot W AICHE B 7 ¥ J7 %, SBICH )t W BICH B F 85 J5 2,
EWR /N S AUE, LM 7R e K5 e B8, & — 47 et i hn 28 %R

MFRL-ZR30TF H, A8 5 B8 2 T i, IMATT X B FINMSE#S & L Fh 7
P i N . B R B S R, BRIMATT ik 2 4k, SAIC, SBIC, EW J5 %% 8l
BRI, LM 0 2 I 7. 5 e BB R e B 0015 0L, IMA T v 3R B A i
TMEWFILM 77 ¥ b A 1 4% & 538 KR I W23, AICHIBICT; 2 ) 3R 30 i 2.

Wb Ak, SR T AR 2 R i AT HLSE B A U AR ), FRATIEF R T [HA R
NB; = V2 /72K B, X B T PIAR A 5T ik ok 5 A k2 AN BOAR A0
(0 F0 I 45 R (R4). M RATE W, AL B, K2 5006 0L FIMA T 2 1) 7l
I 2850 SR A AR B i, TE AN 2 B A B A B SR I AR IR A RATIEHE B T VI % R
Hrg(v) AR KO, P1AR #5232 455 70 ik 22 HL A S0 A0 1) F90300 485 3R (3R5). 3K5[RIFE
W IMATT V5 B AS T R 2 e ir 1. 3 — D AT R T R Ee R B B E N3ty
AT BT, AN T7 V5 BT B IMSE {B(3R6). M ER6t 7] F HIMAJ7 72 1) 7 R AR K £
A oL AT R B, X — DI T ORTAR 7 VA R R M. FRATT AR i P 4R 1 ok
& TNMSERIAZ 4k, 13 K5t &R T IMAJT VEAR BT Hodt JUA 7 34 — E A 34,
HRM A E.
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%L BB i B A R E I, P S R FONMSE(S, = 1/52)

AR R? 75 i JMA  SAIC SBIC AIC BIC EW LM

Median  1.000 1.137 1.126 1.286 1.256 1.104 1.705
0.2 Mean 1.000 1.096 1.083 1.185 1.157 1.104 1.600
Median .000 1.171 1.150 1.343 1.236 1.174 1.766
100 0.4 Mean .000 1.119 1.107 1.224 1.177 1.111 1.603
Median .000 1.123 1.109 1.301 1.234 1.083 1.708

0.8 Mean .000 1.096 1.083 1.208 1.154 1.106 1.622

0.2 Mean .000 1.027 1.023 1.084 1.075 1.032 1.317

Median .000 1.017 1.011 1.075 1.041 1.030 1.284

200 0.4 Mean .000 1.028 1.023 1.096 1.081 1.030 1.272

Median

1
1
1
1
Median 1.000 1.019 1.014 1.089 1.084 1.026 1.351
1
1
1
1.000 1.024 1.021 1.095 1.061 1.019 1.317
1

0.8 Mean .000 1.025 1.021 1.078 1.071 1.032 1.309

& 2. REH O BRIERA KRR, PUE RS NMSE(S; = 1/57)

FEARE  R? ViR’ JMA  SAIC SBIC AIC BIC EW LM

Median  1.000 1.029 1.022  1.109 1.091 1.018 1.456

0.2 Mean 1.000 1.037 1.031 1.116 1.101 1.035 1.382
Median 1.000 1.065 1.058 1.197 1.170 1.067 1.430

100 0.4 Mean .000 1.053 1.047 1.155 1.123 1.042 1.403
Median .000 1.035 1.028 1.136 1.115 1.038 1.505

0.8 Mean .000 1.050 1.042 1.153 1.127 1.046 1.435

Median .000 1.046 1.043 1.103 1.098 1.041 1.305

Median .000 1.068 1.064 1.144 1.137 1.039 1.325

200 0.4 Mean .000 1.023 1.019 1.105 1.084 1.016 1.274

Median

1
1
1
1
0.2 Mean 1.000 1.018 1.014 1.080 1.069 1.016 1.261
1
1
1.000 1.007 1.005 1.060 1.058 1.016 1.279
1

0.8 Mean .000 1.022 1.018 1.090 1.076 1.018 1.270
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# 3. FIREWHE FPILH B AN M MNMSE(B; = 1/57)

FAE R? VR JMA  SAIC SBIC AIC BIC EW LM
Median 1.000 1.716 1.719 2.266 2.243 1.273 1.809

0.2 Mean 1.000 1.689 1.689 2.002 2.004 1.253 1.816

Median 1.000 1.702 1.706 2.214 2.238 1.261 1.802

100 0.4  Mean 1.000 1.625 1.623 1.955 1.955 1.238 1.744
Median  1.000 1.726 1.724 2.276 2.220 1.291 1.874

0.8 Mean 1.000 1.587 1.587 1.953 1.925 1.240 1.775

Median  1.000 1.809 1.809 2.331 2.337 1.409 1.396

0.2 Mean 1.000 1.764 1.766 2.040 2.042 1.365 1.381

Median  1.000 1.873 1.883 2.423 2423 1.402 1.406

200 0.4 Mean 1.000 1.759 1.759 2.074 2.072 1.360 1.360
Median  1.000 1.825 1.827 2.443 2443 1.402 1.396

0.8 Mean 1.000 1.805 1.805 2.114 2.135 1.378 1.386

= 4. REBNTREEEAKE LN, PIEHERHNMSES; = v2/52)

HA®E R? 05 1% JMA SAIC SBIC AIC BIC EW LM
Median  1.013  1.004 1.000 1.139 1.085 1.005 1.388
0.2 Mean 1.000 1.009 1.004 1.088 1.069 1.013  1.286
Median  1.031  1.043 1.040 1.187 1.166 1.000 1.278
100 0.4 Mean 1.000 1.010 1.005 1.108 1.098 1.002 1.261
Median 1.000 1.036 1.030 1.088 1.072 1.010  1.347
0.8 Mean 1.000 1.013 1.008 1.084 1.075 1.011  1.287
Median  1.014 1.002 1.000 1.085 1.060 1.003  1.231
0.2 Mean 1.000 1.006 1.005 1.061 1.047 1.004 1.172
Median  1.013  1.010 1.008 1.096 1.096 1.000 1.262
200 0.4 Mean 1.000 1.009 1.007 1.067 1.053 1.001 1.191
Median  1.000 1.009 1.006 1.069 1.061 1.010  1.187
0.8 Mean 1.000 1.009 1.006 1.073 1.067 1.010 1.204
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& 5. BT EEEE AN BN, PIEHSERNMSE(g(v) R, 8; =1/5%)
FAE R? ik JMA  SAIC SBIC AIC BIC EW LM
Median 1.000 1.100 1.090 1.232 1.156 1.129  1.649
0.2 Mean 1.000 1.088 1.079 1.197 1.172 1.084 1.565
Median 1.000 1.048 1.039 1.132 1.084 1.050 1.509
100 0.4  Mean  1.000 1.045 1.039 1.136 1.103 1.056 1.475
Median 1.000 1.071 1.060 1.196 1.166 1.086 1.555
0.8  Mean 1.000 1.078 1.069 1.173 1.137 1.078 1.535
Median 1.000 1.077 1.067 1.148 1.122 1.065 1.405
0.2 Mean 1.000 1.053 1.049 1.143 1.126 1.044 1.383
Median  1.000 1.044 1.039 1.183 1.119 1.057 1.405
200 0.4  Mean 1.000 1.037 1.032 1.116 1.087 1.037 1.389
Median 1.000 1.095 1.082 1.156 1.154 1.082 1.424
0.8  Mean  1.000 1.045 1.040 1.143 1.122 1.045 1.393
& 6. BEHLIR Zef N B B N3HIE4 A3 i X R IMSE
FEA & ViReS JMA  SAIC SBIC AIC BIC EW LM
Median 0.522 0.623 0.613 0.701 0.661 0.625 0.937
100 Mean 0.568 0.652 0.646 0.724 0.690 0.660 1.024
Optimal rate 0.620 0.015 0.075 0.200 0.050 0.040 0.000
Median 0.461 0.499 0.498 0.538 0.509 0.500 0.737
200 Mean 0.480 0.533 0.529 0.590 0.553 0.541 0.796
Optimal rate 0.525 0.005 0.115 0.225 0.065 0.065 0.000
7 Optimal rated 78 i i 2, FEDWRAE 3K o 1% J7 ¥ 4 B FIMSE i /s 7 L 6.
n=100 n=200
@ methodt — method
- A —— WA = b— —— JMA
N < SAIC = 4 SAIC
L SBIC ©r ~.38IC
N AlC - Y. AC,
2 o = BIC =- BIC
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i g 8
s = g -
Z bd
- O ~- =
o a - ~>~a :
— b - o
b4 P N 1 a s = o
o B $ - 2 S e &
et ¥ s ¥ 5 o7 ¥ e - 3 i e e e
° ; s B 5o g e g T e
b T T T T SR T T T T
02 04 086 08 02 04 0.8 08
R R’

1. R B0 R 6 B AN B i, PR B R MINMSE(B; = 1/5%)



322 I G 4 46 %
n=100 n=200
@ method® N, = method
pe= A —— \_\\ A—A— S = ama
o B SAIC & SAIC
A "l v . smic a % # .m0
A e B o AC - tp—b o
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B 2. i 0 F Rk BT AN $E 4k i, PLAR B MINMSE(B; = 1/52)
n=100 n=200
@ method® N, = method
pe= A —— \_\\ A—A— S = ma
o SAIC & A SAIC
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The Jackknife Model Averaging of Accelerated Failure
Time Model with Current Status Data
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Abstract This paper studies the jackknife model averaging method of the accelerated
failure time model with current status data. Firstly, through the unbiased transfor-
mation, we can obtain the LSE of regression parameters. Then the delete-one cross
validation criterion is introduced to select the weights of candidate models, and under
some regularity conditions, the asymptotic optimality of the model averaging estimator
is established. Numerous simulation results show that the proposed method is superior
to other existing model averaging and model selection methods in terms of prediction
performance. Finally, we applied the proposed method to the NDHS data, and the real

data also verify the excellent properties of the proposed method.
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